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Multiple regression
model.
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Right now, onlywe perkiter.
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Note:The mold implies that all pull contes are lively relatal to the

that provide a simple and mayor internative depend viable Y.
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Example:Y:3++6
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Inteportation ofthe slope Xi
MSI =6
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Begues ofFuroue,ofthe SSE
Correlation efficient v is not defined in MRI.
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" I Test in Mtiple Regression Model.

42_:EUSE 10:B:132-... =Bp-1 =0 Test sutstic:

Here,we equat to 0. I:E
At most sureof the covaines

Reject to ifIsFuin the nicht we livelyrelated
to the decent variable y.
Can be useful policies ofthe

dependent viable.



Testfor individ regasses preter B.
Filling a need with hisI
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Solution:Viable Sekulic.

Carelation plots ofthe covariats R
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procedure.

SatteplotMhix daymy not regassion ofthe depend viable You all possible subsets

Caraits we highlyrelict to each other. ofthe cornices. X. XC...., Xp-r), and computing in
each case.

Prolics are providing overlapping into objective: Fund the subset to the corres such that coding were

Sunis we commen between theme. coviutes...

So we want to fed the subsetof den Fund the subset the "used"the lent possible amount
that he the least amountof info that are ceremon.

Ifthe cornices with the highst save fu R".

Multicollimality The more prnetes we estimate, the were degrees ofgodom
The estimatel requesser acuficiens tul we will losing.
to have luge viability.
I test slows a synfirt wall regression

Check at pering:
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relation y
un X.

But then the treets or indictl vorbles
stepwise Regusson

· Bukund Flintion.

show no signfrence. Stepwise

Found Elination.
Model selection techniqus.

· prvlue
cost and mule perfummee.·Sepwise prowler.
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In unhile regussion:
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where
p is the #oy parts and C is the Constant
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Bagit cost.

BIC: Schwartz's Dyesin fruim Citrim.

Assigns a quate penalty for huge
models

BIC =n. Lg <1 + 1logulp
+<

All other things are similar to HIC.


